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ABSTRACT: In this study we try to rank Indian Large -Cap oriented mutual funds over a five-year period 
using some of the most prominent models to infer if the rankings differ significantly. We have considered six 
Large-Cap oriented schemes and their performance on an annual basis from FY. 2012 – 2017. We ranked 
each fund based on Sharpe, Treynor, Jenson’s Alpha, M2, Information Ratio, Sortino and Omega. Subsequently 
we looked at the correlation of rankings for each sub period to infer if the rankings displayed any 
differentiation basis the construct of each ratio. We found that the correlation of ranking between funds 
across different evaluation techniques showed a very high strength. This is in line with the observation of 
studies conducted in the past.  
 

 
I. Introduction: 
Performance evaluation of mutual funds finds its purpose in aiding Investors in the process of managing 
selection over comparable reference bases. This is made possible by availing all the information necessary 
to carry out the exercise of evaluating the alternatives. Also, it helps in them finding if their investment 
return was sufficiently high in reward to the risks taken in comparison to the alternatives within the peer 
group.  
Markowitz formulated a portfolio theory called as Modern Portfolio theory which solved the problem of 
choice between alternative portfolios selection by considering mean and variance of the portfolios. His 
theory looked at solving the problem from mean. With a constant variance, the investor should look at 
maximising returns, and for a constant return he should look at minimising the variance.  Building on the 
works of Markowitz Shape along with Lintner and Mossin subsequently developed the Capital Asset Pricing 
Model. This model came up with a theoretical required rate of return for a security or a portfolio in order 
evaluate its efficiency.The Expected return in case of CAPM is nothing but the cumulative return derived 
from Risk premium and Risk-free rate of return. This model considers the undiversifiable risk represented 
by Beta as the risk factor. 
Many performance evaluation models based on CAPM were developed where the main purpose of 
evaluation is to minimize risk for an expected level of return, and this in turn calculates the proportionate 
return a portfolio makes for every unit of risk taken. The definition of risk varies from one evaluation 
technique to another while the underlining objective remains the same and all of them assume that the 
investor is always Risk averse. Many models like that of Sharpe ratio, Treynor’s ratio and others, which can 
be categorized as Absolute risk adjusted ratios, define risk predominantly as, volatility of returns from its 
average, over a period. In the case of Jenson’s Alpha, Information ratio, M2 and few others, which can be 
classified as Relative risk adjusted measures, we not only consider the volatility and averages, but we look at 
them in relation to market averages and its volatility.  
In other cases, like Sortino, the downside volatility from a reference point, as against overall volatility from 
averages are considered. This is because as investors, we are more concerned about negative volatility, and 
instead of looking at plain averages, we are well placed to have a reference point in the form of Minimum 
acceptable returns which can be either in relation to market, risk free or any subjective rate that differs from 
one investor to another. However, these risk measures do not give any information on the shape of return 
distribution data. They only consider the mean and volatility information of the return distribution. 
Omega ratio, on the other hand, considers more aspects like that of upside moments, skewness, kurtoses 
and many others and gives a better understanding of the overall return distribution. 
 

II. Literature Survey: 
The complex methods of performance evaluation of portfolios are based on Risk adjusted return, where it 
compares the return on capital to the risk taken to earn this return. Disagreement prevails in literature on 
how exactly risk should be considered while evaluating the said portfolio. The categories of complex 
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performance measures can be broadly classified into CAPM based models and No-CAPM based models. 
Under the CAPM based models the tools used can be further classified into 1. Absolute Risk adjusted 2. 
Relative Risk Adjusted 3. Higher movements and Downside risk adjusted and 4. Conditional Beta. 
Absolute risk adjusted models do not consider market returns as relative factor usually referred to as 
benchmarks benchmark. Some of the prominent models under this method are Sharpe ratio, Treynor’s ratio 
and Sharpe based Value at risk (VAR). However, Sharpe and Treynor’s Ratios are the most prominent ones 
that have been widely accepted and used in the past. 
In 1952 Arthur D Roy suggested a maximizing ratio which considered the excess return of a portfolio to a 
disaster level and the standard deviation of the portfolio as its risk measure. Sharpe in 1966 developed a 
risk adjusted ratio that is similar to the one Arthur D Roy had suggested. This ratio measures the return of a 
portfolio more than the risk-free rate, also called the risk premium, compared to the total risk of the 
portfolio, measured by its standard deviation. 

𝑠𝑝 =
𝐸 𝑅𝑝 − 𝑅𝐹

𝜎 𝑅𝑝 
 

where: 
E (RP) denotes the expected return of the portfolio 
RF denotes the return on the risk-free asset 
σ (Rp) denotes the standard deviation of theportfolio returns. 

 

This ratio has been subject to generalizations from the time it was initially formulated. Because of which it 
offers possibilities for evaluating portfolio performance, while remaining simple to calculate. However, 
Sharpe does not consider the impact of Skewness and Kurtosis of the return distribution. Since it is based on 
just the first two moments of a distribution it lacks in providing a complete information on the distribution. 
The risk in Sharpe ratio is the total risk represented by Standard deviation. 
Treynor on the other hand developed a ratio that considers the non-diversifiable risk in the form of Beta. 
This ratio measures the relationship between the return on the portfolio, above the risk-free rate, and its 
systematic risk. This ratio is drawn directly from the CAPM.  

𝑇𝑝 =
𝐸 𝑅𝑝 − 𝑅𝑓

𝛽𝑝
 

where: 
E (Rp) denotes the expected return of the portfolio 
RF denotes the return on the risk-free asset; 
βp denotes the beta of the portfolio. 

 

Calculating this indicator requires a reference index to be chosen to estimate the beta of the portfolio. The 
results hence will depend heavily on the choice of an appropriate benchmark, as criticized by Roll. 
Srivastava and Essayyad (1994). CAPM has in the past been criticized for the assumption that the market 
portfolio is exhaustive in considering all the market portfolios. But the unobservable portfolio of market 
makes this assumption a difficult proposition.Also, this ratio was subject to similar criticisms as that of 
Sharpe in relation to the information it provides with respect to the distribution. 
Alternatively, Relative Risk Adjusted measures were developed wherein a benchmark is used to judge the 
relative efficiency of the performance as against the absolute risk adjusted measures. Some of the most 
prominent models under this category were Jenson’ Alpha,Information Ratio and M2.  
Jenson’ Alpha is defined as the differential between the return on the portfolio in excess of the risk-free rate 
and the return explained by the CAPM. Unlike the Sharpe and Treynor measures, the Jensen measure 
contains the benchmark. 
 

Alpha = 𝑅𝑖 −  𝑅𝑓 + 𝛽 𝑅𝑚 −𝑅𝑓   

where: 
𝑅𝑖denotes the realized return of the portfolio or investment 
𝑅𝑚denotes the realized return of the appropriate market index 
𝑅𝑓denotes the risk-free rate of return for the period 

β denotes the beta of the portfolio of investment with respect to the chosen market index 
 

 The value of alpha is proportional to the level of risk taken, measured by the beta. The Jensen alpha 
can be used to rank portfolios within peer groups. Peer groups group together portfolios that are managed 
in a similar manner and therefore have comparable levels of risk. The Jensen measure is subject to the same 
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criticism as the Treynor measure: the result depends on the choice of reference index. Also, when managers 
resort to market timing strategy, the beta of the portfolio is varied according to the expectation on market 
movements, in which case Jensen alpha can become negative, and does not then reflect the real performance 
of the manager. 
Information Ratio which is also called the Appraisal Ratio is basically the comparison between the portfolios 
residual return and residual risk. The concept stems from the fact that residual returns which is not 
explained by the market is derived out of the managers selection skills. The manager with expectations to 
generate higher returns may increase his weightage to securities when compared to the market. The 
residual risk in that case will be the tracking error of the portfolio. When the standard deviation which is the 
tracking error is low then the risk levels of the portfolio is similar to the market or benchmark. 

𝐼𝑅 =
𝑅𝑝 −𝑅𝑏

𝜎 𝑅𝑝 − 𝑅𝑏 
 

where: 
𝑅𝑏  denotes the return on the benchmark portfolio. 

 

Sharpe (1994) mentions Information ratio as a generalization of his ratio where the benchmark replaces the 
risk-free rate of return. However, Information Ratio tries to identify the advantage the fund manager has in 
terms of information that he possesses when compared to the market at large. Since there were 
shortcomings in Sharpe ratio to the extent of interpretation of negative Sharpe and while comparing the 
Sharpe of two portfolios which are very different, Information ratio by way of creating a leverage overcomes 
these shortcomings. 
The main disadvantage of this ratio arises when comparing a well-diversified portfolio with a portfolio of 
low diversification as the risk levels vary and the results may not portray an accurate picture as risk levels 
differ. 
The information ratio is useful for evaluating portfolios that have an objective to achieve absolute returns 
since it measures the reward-to risk ratio of a portfolio against the performance of a market benchmark 
(Gupta, Prajogi, and Stubbs, 1999).It is important to remember that there is a possible upward biased 
caused by the transaction cost, and the results can be misleading in case of a negative excess return (Blatt, 
2004) 
Modigliani and Modigliani (1997) showed that the portfolio and its benchmark must have the same risk to 
be compared in terms of basis points of risk-adjusted performance for which he proposes that the portfolio 
be leveraged or deleveraged using the risk-free asset. This measure evaluates the annualized risk adjusted 
performance (RAP) or usually known as M2 of a portfolio in relation to the market benchmark, expressed in 
percentage terms.  
 

𝑅𝐴𝑃 =
𝜎𝑚

𝜎𝑝
 𝑅𝑝 −𝑅𝑓 + 𝑅𝑓  

where:
𝜎𝑚

𝜎𝑃
 is the leverage factor 

 

The Modigliani measure is drawn directly from the capital market line. It can be expressed as the Sharpe 
ratio times the standard deviation of the benchmark index. Scholtz and Wilkens (2005) note that, as the RAP 
measure developed by Modigliani and Modigliani (1997) uses the standard deviation as risk measure, it is 
relevant only to investors who invest their entire savings in a single fund. 
Since the Absolute risk adjusted and relative risk adjusted models considered only the mean variance 
analysis without really focussing on the Higher and downward moments many models were subsequently 
formulated to consider with an emphasis on the higher and downward moments. Some of the most well -
known and prominent once were Sortino ratio and Omega ratio. 
Sharpe ratio which is based on the standard deviation, does not allow us to know whether the differentials 
compared to the mean were produced above or below the mean. The notion of semi-variance brings a 
solution to this problem by considering the asymmetry of risk.  

𝑆𝑜𝑟𝑡ⅈ𝑛𝑜 =
𝑅𝑝 −𝑀𝐴𝑅

 
1
𝑇
  𝑅𝑝𝑡 −𝑀𝐴𝑅 

2𝑇

𝑡=0
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However, any positive excess returns and calculate the standard deviation of only the negative returns was 
one of the main criticisms of the ratio. 
This ratio is very similar to Sharpe ratio with the difference being that the risk-free rate of return in case of 
Sharpe ratio is replaced by MAR, and the standard deviation is not total but a semi variance which tries to 
differentiate only the returns below a specified level that an investor would not be willing to accept. 
Keating and Shadwick based on the premise that the mean and variance alone do not describe the return 
distribution in full believed that performance measurements just based on the first two moments may cause 
inaccuracies. They felt that higher moments along with the other two moments will overcome in considering 
the deficiencies of the earlier models. Also, instead of considering the averages, they were of the opinion that 
a reference level as considered in the gain loss literature is important to define the risk return characteristic 
of a portfolio. They formulated the Omega Ratio to overcome the inaccuracies of two moment models. 
This also with the reference point was responsible to define the loss / gain of a portfolio as an additional 
information. Here the return distribution is divided as gains and losses based a MAR and a probability 
weighted ratio of these gains and losses are calculated.Since Omega considers additional moments in the 
form of Skewness and Kurtosis along with the first two moments it produces results that vary from the 
other models significantly. Where the higher moments are of less significance the ratio displays ranking 
similar to others. This measure is more relevant in distribution that are not normally distributed. 

𝛺 𝑀𝐴𝑅 =
  1− 𝑓 𝑥  ⅆ𝑥
𝑏

𝑀𝐴𝑅

 𝑓 𝑥 ⅆ𝑥
𝑀𝐴𝑅

𝑎

 

where: 
(a, b) is the interval of possible returns; 
F is the cumulative distribution function for the returns. 

 

Because this ratio considers higher moments it is expected to rank the alternatives in a different manner 
when compared to Mean – Variance measures like that of Sharpe, Treynor, Information ratio etc. This 
measure was more relevant in case of not normally distributed data with flat tails and a varying degree of 
skewness and Kurtosis. 
Ranking based on Omega ratio can be similar in rankings to traditional methods in cases where the higher 
moments are not too significant. However, Omega ratio had a shortcoming in the form of over optimizing 
data in the case higher empirical data. Here the problem of also optimizing the noise come into play. With its 
simplicity and ability to capture more than two moments Omega ratio is a preferable tool for performance 
measurement. 
While many more models and modification of some of the prominent models were developed subsequently 
it was found in several studies that the models do not produce significantly different results while ranking 
portfolios. 
Alexandra Wiesinger (2010) conducted a study to overcome the limitations of Sharpe ratio by using tools 
like adjusted Sharpe ratio, modified Sharpe ratio, omega, kappa, Sortino and others. Their analysis of the 
results showed in case of both traditional and alternative performance ratios produce highly correlated 
rankings. Which gives us an inference that the Sharpe ratio and models based on Sharpe ratio do not really 
overcome the limitations of the ratio.Similarly, Jacques Pezier and Anthony White (2006) measured the 
performance of various hedge funds and portfolios using various performance measures like adjusted 
Sharpe ratio, modified Sharpe ratio, omega and others. Martin Eling and Frank Schumacher (2013) also 
measured the performance of German hedge funds using tools other than the Sharpe ratio like omega, 
burke, kappa, conditional Sharpe ratio and others. In both their studies the extent of rank correlation 
between results of these tools was found to exhibit a very high rank correlation except in the case of 
Treynor ratio. Hence even in case of ratios that endeavour to consider additional distribution data of a 
distribution like that of Omega ratio can be similar in rankings to traditional methods in cases where the 
higher moments are not too significant. 
 

III. Objective and Methodology of the study:  
In this study we try to evaluate the performance and rank Indian Large -Cap oriented mutual funds over a 
five-year period using some of the most prominent models to infer if the rankings differ significantly. We 
have considered six Large-Cap oriented schemes based on their vintage and size. Their performance on an 
annual basis with monthly frequency was collected for a period from 2012 – 2017. The data for the said 
funds has been collated from SEBI and AMFI India. Also, further information on the strategy and investment 
Objectives pf the funds have been verified from the respective Fund houses. Log returns of the funds during 
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the said period were considered for calculating the monthly periodic returns. One-month MIBOR was 
considered as the risk-free rate of return in this study and the market benchmark considered was NIFTY 50. 
Minimum Acceptable (MAR) return for the study was considered as the maximum between NIFTY 50 and 
the Average monthly returns of the universe for each period. This was done so because based on past 
studies naïve asset allocation based on 1/N strategy was considered as an appropriate diversification 
strategy. Also, the benchmark selection based on past studies infer that strategy benchmarks are better 
suited when compared to broad market benchmarks. In this study since the strategy being evaluated is 
Large-Cap oriented funds we have considered NIFTY 50 as one of the most appropriate benchmarks.   
We have calculated and ranked each fund based on Sharpe, Treynor, Jenson’s Alpha, M2, Information Ratio, 
Sortino and Omega. Subsequently we looked at the correlation of rankings for each sub period to infer if the 
rankings displayed any differentiation basis the construct of each ratio. 
 

IV. Analysis and Conclusion: 
The funds were ranked across the five periods based on the values derived from the prominent performance 
evaluation tools. The results of the ranking were as shown below. 

 
Fig :1 – Ranking based on performance evaluation tools for one-year period ending 28th March 2013 

 

 
Fig :2 – Ranking based on performance evaluation tools for one-year period ending 31st March 2014 

 

 
Fig :3 – Ranking based on performance evaluation tools for one-year period ending 31st March 2015 

 

 
Fig :4 – Ranking based on performance evaluation tools for one-year period ending 31st March 2016 

SHARPE TREYNOR ALPHA INFORMATION M2 SORTINO OMEGA

Birla SL Frontline Equity Fund(G) 3 3 3 2 3 3 3

DSPBR Top 100 Equity Fund-Reg(G) 4 4 4 4 4 4 4

Franklin India Bluechip Fund(G) 2 2 2 3 2 2 2

HDFC Top 200 Fund(G) 5 5 5 6 5 6 6

SBI BlueChip Fund-Reg(G) 1 1 1 1 1 1 1

UTI Mastershare(G) 6 6 6 5 6 5 5

28-Mar-2013

SHARPE TREYNOR ALPHA INFORMATION M2 SORTINO OMEGA

Birla SL Frontline Equity Fund(G) 2 2 2 1 2 2 2

DSPBR Top 100 Equity Fund-Reg(G) 6 6 6 6 6 6 6

Franklin India Bluechip Fund(G) 5 5 4 4 5 4 4

HDFC Top 200 Fund(G) 4 4 5 5 4 5 5

SBI BlueChip Fund-Reg(G) 1 1 1 2 1 1 1

UTI Mastershare(G) 3 3 3 3 3 3 3

31-Mar-2014

SHARPE TREYNOR ALPHA INFORMATION M2 SORTINO OMEGA

Birla SL Frontline Equity Fund(G) 2 2 2 1 2 2 2

DSPBR Top 100 Equity Fund-Reg(G) 6 6 6 6 6 6 6

Franklin India Bluechip Fund(G) 4 4 4 4 4 4 4

HDFC Top 200 Fund(G) 5 5 5 5 5 5 5

SBI BlueChip Fund-Reg(G) 1 1 1 2 1 1 1

UTI Mastershare(G) 3 3 3 3 3 3 3

31-Mar-2015

SHARPE TREYNOR ALPHA INFORMATION M2 SORTINO OMEGA

Birla SL Frontline Equity Fund(G) 1 1 1 1 1 1 1

DSPBR Top 100 Equity Fund-Reg(G) 6 6 5 5 6 6 6

Franklin India Bluechip Fund(G) 5 5 6 6 5 5 5

HDFC Top 200 Fund(G) 3 3 2 3 3 2 2

SBI BlueChip Fund-Reg(G) 2 2 3 2 2 3 3

UTI Mastershare(G) 4 4 4 4 4 4 4

31-Mar-2016
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Fig :5 – Ranking based on performance evaluation tools for one-year period ending 31st March 2017 

 
Subsequently we calculated the spearman’s correlation between the rankings across performance 
evaluation tool for each period to ascertain the strength of correlation. We found that the ranking 
correlations displayed high strength across time periods. The correlations were as follows.  

Sharpe 

 
Treynor Alpha Information M2 Sortino Omega 

28-Mar-2013 1.0000 0.9429 0.8857 1.0000 0.9429 0.9429 

31-Mar-2014 1.0000 1.0000 0.9429 1.0000 1.0000 1.0000 

31-Mar-2015 1.0000 0.8857 0.9429 1.0000 0.9429 0.9429 

31-Mar-2016 0.9429 0.8857 0.9429 1.0000 0.8857 0.8857 

31-Mar-2017 1.0000 1.0000 0.8857 1.0000 0.9429 0.9429 

Average 0.9886 0.9429 0.9200 1.0000 0.9429 0.9429 
Fig :6 – Periodic Correlation between rankings based on Sharpe ratio to rankings 

based on other evaluation tools. 
 

Treynor 

 
Sharpe Alpha Information M2 Sortino Omega 

28-Mar-2013 1.0000 0.9429 0.8857 1.0000 0.9429 0.9429 

31-Mar-2014 1.0000 1.0000 0.9429 1.0000 1.0000 1.0000 

31-Mar-2015 1.0000 0.8857 0.9429 1.0000 0.9429 0.9429 

31-Mar-2016 0.9429 0.9429 0.8857 0.9429 0.9429 0.9429 

31-Mar-2017 1.0000 1.0000 0.8857 1.0000 0.9429 0.9429 

Average 0.9886 0.9543 0.9086 0.9886 0.9543 0.9543 
Fig :7 – Periodic Correlation between rankings based on Treynor ratio to rankings 

based on other evaluation tools. 
 

Alpha 

 
Sharpe Treynor Information M2 Sortino Omega 

28-Mar-2013 0.9429 0.9429 0.9429 0.9429 1.0000 1.0000 

31-Mar-2014 1.0000 1.0000 0.9429 1.0000 1.0000 1.0000 

31-Mar-2015 0.8857 0.8857 0.9429 0.8857 0.9429 0.9429 

31-Mar-2016 0.8857 0.9429 0.9429 0.8857 1.0000 1.0000 

31-Mar-2017 1.0000 1.0000 0.8857 1.0000 0.9429 0.9429 

Average 0.9429 0.9543 0.9314 0.9429 0.9771 0.9771 
Fig :8 – Periodic Correlation between rankings based on Alpha ratio to rankings 

based on other evaluation tools. 
 

SHARPE TREYNOR ALPHA INFORMATION M2 SORTINO OMEGA

Birla SL Frontline Equity Fund(G) 4 4 3 3 4 3 3

DSPBR Top 100 Equity Fund-Reg(G) 5 6 6 5 5 6 6

Franklin India Bluechip Fund(G) 3 3 4 4 3 4 4

HDFC Top 200 Fund(G) 6 5 5 6 6 5 5

SBI BlueChip Fund-Reg(G) 1 1 1 1 1 1 1

UTI Mastershare(G) 2 2 2 2 2 2 2

31-Mar-2017
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Information 

 
Sharpe Treynor Alpha M2 Sortino Omega 

28-Mar-2013 0.8857 0.8857 0.9429 0.8857 0.9429 0.9429 

31-Mar-2014 0.9429 0.9429 0.9429 0.9429 0.9429 0.9429 

31-Mar-2015 0.9429 0.9429 0.9429 0.9429 0.8857 0.8857 

31-Mar-2016 0.9429 0.8857 0.9429 0.9429 0.9429 0.9429 

31-Mar-2017 0.8857 0.8857 0.8857 0.8857 0.9429 0.9429 

Average 0.9200 0.9086 0.9314 0.9200 0.9314 0.9314 
Fig :9 – Periodic Correlation between rankings based on Information ratio to rankings 

based on other evaluation tools. 
 

M2 

 
Sharpe Treynor Alpha Information Sortino Omega 

28-Mar-2013 1.0000 1.0000 0.9429 0.8857 0.9429 0.9429 

31-Mar-2014 1.0000 1.0000 1.0000 0.9429 1.0000 1.0000 

31-Mar-2015 1.0000 1.0000 0.8857 0.9429 0.9429 0.9429 

31-Mar-2016 1.0000 0.9429 0.8857 0.9429 0.8857 0.8857 

31-Mar-2017 1.0000 1.0000 1.0000 0.8857 0.9429 0.9429 

Average 1.0000 0.9886 0.9429 0.9200 0.9429 0.9429 
Fig :10 – Periodic Correlation between rankings based on M2 ratio to rankings 

based on other evaluation tools. 
 

Sortino 

 
Sharpe Treynor Alpha Information M2 Omega 

28-Mar-2013 0.9429 0.9429 1.0000 0.9429 0.9429 1.0000 

31-Mar-2014 1.0000 1.0000 1.0000 0.9429 1.0000 1.0000 

31-Mar-2015 0.9429 0.9429 0.9429 0.8857 0.9429 1.0000 

31-Mar-2016 0.8857 0.9429 1.0000 0.9429 0.8857 1.0000 

31-Mar-2017 0.9429 0.9429 0.9429 0.9429 0.9429 1.0000 

Average 0.9429 0.9543 0.9771 0.9314 0.9429 1.0000 
Fig :11 – Periodic Correlation between rankings based on Sortino ratio to rankings 

based on other evaluation tools. 
 

Omega 

 
Sharpe Treynor Alpha Information M2 Sortino 

28-Mar-2013 0.9429 0.9429 1.0000 0.9429 0.9429 1.0000 

31-Mar-2014 1.0000 1.0000 1.0000 0.9429 1.0000 1.0000 

31-Mar-2015 0.9429 0.9429 0.9429 0.8857 0.9429 1.0000 

31-Mar-2016 0.8857 0.9429 1.0000 0.9429 0.8857 1.0000 

31-Mar-2017 0.9429 0.9429 0.9429 0.9429 0.9429 1.0000 

Average 0.9429 0.9543 0.9771 0.9314 0.9429 1.0000 
Fig :12 – Periodic Correlation between rankings based on Omega ratio to rankings 

based on other evaluation tools. 
 

From the above we can infer that since the correlation of ranking between funds across different evaluation 
techniques show a very high strength, the various evaluation techniques do not provide a different result in 



[ VOLUME 6  I  ISSUE 1  I  JAN.– MARCH 2019]                                                     E ISSN 2348 –1269, PRINT ISSN 2349-5138 

   𝗂970        IJRAR- International Journal of Research and Analytical Reviews                                          Research Paper 

selection of funds. This is in line with the observation of studies conducted in the past and as mentioned in 
the literature survey. Since all of the said techniques in the study are based on CAPM the results of ranking 
performance do not differ significantly. Also, the t-test which was conducted to test the significance of the 
correlation showed that the correlations are not by chance.  
It is found that the average correlation between Sortino and Omega ratio was 1, which implies a perfect 
positive correlation. Both Omega ratio and Sortino ration are categorised under the Higher and downward 
moments technique. Similarly, we can see that Sharpe and M2 display a perfect correlation. As noted before 
since M2 is Sharpe ratio times the standard deviation of the benchmark index they are very close in their 
rankings. Also, with just the variation of considering Beta instead of Standard deviation, Treynor’s Ratio also 
has a near perfect correlation average with both Sharpe and M2. 
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